
154 
 

APPENDIX- A 
 

 

 

 

 

 

 

Figure A.1. Hypertension vs. AI plaque area. Top 

right quadrant are 27 patients with high HT and 

PA>40 mm2. 

 

Figure A.2. Smoking parameter Vs. AI plaque area. 
Top right quadrant are 8 smokers and PA>40 mm2. 

 

Figure A.3. Family history relation Vs. AI plaque 
area. Top right quadrant are 5 studies with family 

history and PA>40 mm2 . 
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