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LDso of N-benzyl piperazinyl sulfonamide derivatives

LDso determination of compound 72

Table A0.1 LDso determination protocol for compound 72

Test substance
1. Physical nature Solid
2. Code 72
Vehicle 0.5% CMC solution in water
Test animals Rat
1. Sex Female
2. Number 3
Test conditions
1. Dose 300 mg/kg
2. Rationale for the selection of the starting
dose
3. Dosing volumes 0.7 ml
4. Time & date of dosing 12:30 pm 14/01/2023

Table T3 Effect of compound 72 on the body wt. of the animals at the dose of 300 mg/kg.

Group | Body wt. Body wt. Body wt. Body wt. Body wt.
(gm) on (gm) on (gm) on (gm) on (gm) on
14/01/2023 at | 15/01/2023 at | 16/01/2023 at | 17/01/2023 at | 18/01/2023 at
12:20 pm 12:20 pm 12:20 pm 12:20 pm 12:20 pm

1 215 214 207 217 228

2 228 223 230 239 244

3 235 234 225 238 247

Table T4 The onset of toxicity with compound 72 in the period of 72h.
Group Onset | Reversibility | Date
Body wt. Changes (gm) of & time
toxicity of
death

14/1/23 | 15/1/23 | 16/1/23 | 17/01/23 | 18/01/23

1 00 02 01 4 5 - -

2 00 01 01 4 6 - -

3 00 02 03 5 10 - -
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Discussion and interpretation of results: Animals were dosed as per the OECD guideline
423 at 300 mg/kg doses. All animals were alive at 300mg/kg dose within 72 hrs and next 14
days.

Conclusions: No toxicity was observed at 300mg/kg.
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Table A0.2 LDso determination protocol for the compound 72.

Test substance

4. Time & date of dosing

1. Physical nature Solid

2. Code 72

Vehicle 0.5% CMC solution in water

Test animals Rat

1. Sex Female

2. Number 3

Test conditions

1. Dose 2000 mg/kg

2. Rationale for the selection of the starting | No death at 300mg/kg
dose

3. Dosing volumes 0.7 ml

11:15 pm 19/01/2023

Table A0.3 Effect of compound 72 on the body wt. of the animals at the dose of 2000 mg/kg.

Group Body wt. (gm) on Body wt. (gm) on Body wt. (gm) on
19/01/2023at 11 am 20/01/2023 at 11 am 21/01/2023 at 11 am

1 220 - -

2 211 - -

3 236 - -

Table A0.4 The onset of toxicity with compound 72 in the period of 72h.

Group | Body wt. Changes (gm) Onset of toxicity | Reversibility | Date & time of
19/01/23 | 20/01/23 | 21/01/23 death
1 0 0 0 19/01/23, 3:30 No 19/01/23, 7:43 pm
pm
2 0 0 0 19/01/23, 3:50 No 19/01/23, 6 pm
pm
3 0 0 0 - No 20/01/23, 8:30 am

186|Page




Appendix

Discussion and interpretation of results: Animals were dosed as per the OECD guideline
423 at 300 mg/kg and 2000 mg/kg doses. All animals died at 2000 mg/kg dose within 72 hrs.

Conclusions: As per OECD guideline LDso = 1000 mg/kg.
MolProbity Ramachandran analysis
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97.1% (1040/1071) of all residues were in favored (98%) regions.
100.0% (1071/1071) of all residues were in allowed (>99.8%) regions.

There were no outliers

Lovell, Davis, et al. Proteins 50:437 (2003)
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MolProbity Ramachandran analysis
6a3n.pdb, model 1
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6.6% (618/640) of all residues were in favored (98%) regions.
100.0% (640/640) of all residues were in allowed (>99.8%) regions.
There were no outliers.

Lovell, Davis, et al. Proteins 50:437 (2003)

188|Page



Appendix

"H NMR of Compound 41
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HPLC data of Compound 41

Area % Report
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"H NMR of Compound 42
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'H NMR of Compound 72
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13C NMR of Compound 72
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LCMS of Compound 72

Sample-24 #93-146 RT: 0.40-0.61 AV: 14 NL: 5.11E4
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'"H NMR of Compound 73
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13C NMR of Compound 73
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