References

1]

WHO, “Mental Health of Older Adults,” https://www.who.int/news-room/

fact-sheets/detail /mental-health-of-older-adults, 2023, accessed: 2024-10-11.

Q. Wu, X. Chen, Z. Zhou, and J. Zhang, “FedHome: Cloud-Edge Based Person-
alized Federated Learning for In-Home Health Monitoring,” IEEE Transactions
on Mobile Computing, 2022, vol. 21, no. 8, pp. 2818-2832.

M. B. Singh, N. Taunk, N. K. Mall, and A. Pratap, “Criticality and Utility-Aware
Fog Computing System for Remote Health Monitoring,” IEFEE Transactions on

Services Computing, 2023, vol. 16, no. 3, pp. 1738-1749.

P. K. Bishoyi and S. Misra, “Towards Energy-And Cost-Efficient Sustainable
MEC-Assisted Healthcare Systems,” IEEE Transactions on Sustainable Comput-

ing, 2022, vol. 7, no. 4, pp. 958-969.

P. Kar, K. Chen, and J. Shi, “DMACN: A Dynamic Multi-Attribute Caching
Mechanism for NDN-Based Remote Health Monitoring System,” IEEE Transac-

tions on Computers, 2023, vol. 72, no. 5, pp. 1301-1313.

S. Yi, C. Li, and Q. Li, “A survey of fog computing: concepts, applications and

issues,” in Proceedings of the 2015 workshop on mobile big data, 2015, pp. 37-42.

M. Kamruzzaman et al., “Blockchain and Fog Computing in IoT-Driven Health-

care Services for Smart Cities,” Jour. of Healthcare Engineering, 2022, vol. 2022.


https://www.who.int/news-room/fact-sheets/detail/mental-health-of-older-adults
https://www.who.int/news-room/fact-sheets/detail/mental-health-of-older-adults

194

References

8]

[10]

[11]

[12]

Z. Ning, P. Dong, X. Wang, X. Hu, L. Guo, B. Hu, Y. Guo, T. Qiu, and R. Y. K.
Kwok, “Mobile Edge Computing Enabled 5G Health Monitoring for Internet of
Medical Things: A Decentralized Game Theoretic Approach,” IEEE Journal on

Selected Areas in Communications, 2021, vol. 39, no. 2, pp. 463-478.

J. Zhou, H. Xia, H. Zuo, and C. Tellambura, “Time minimization for health
monitoring systems in internet of medical things via rate splitting,” IEEE Internet

of Things Journal, 2024, vol. 11, no. 4, pp. 7186-7197.

W. Y. B. Lim, J. Huang, Z. Xiong, J. Kang, D. Niyato, X.-S. Hua, C. Leung, and
C. Miao, “Towards Federated Learning in UAV-Enabled Internet of Vehicles: A
Multi-Dimensional Contract-Matching Approach,” IEEE Transactions on Intel-

ligent Transportation Systems, 2021, vol. 22, no. 8, pp. 5140-5154.

F. Demrozi, C. Turetta, P. H. Kindt, F. Chiarani, R. A. Bacchin, N. Vale, F. Pas-
cucci, P. Cesari, N. Smania, S. Tamburin, and G. Pravadelli, “A Low-Cost Wire-
less Body Area Network for Human Activity Recognition in Healthy Life and
Medical Applications,” IEEE Transactions on Emerging Topics in Computing,
2023, vol. 11, no. 4, pp. 839-850.

M. B. Abubaker and B. Babayigit, “Detection of Cardiovascular Diseases in ECG
Images Using Machine Learning and Deep Learning Methods,” IFEE Transac-

tions on Artificial Intelligence, 2023, vol. 4, no. 2, pp. 373-382.

J. Andreu-Perez, H. Pérez-Espinosa, E. Timonet, M. Kiani, M. 1. Girén-Pérez,
A. B. Benitez-Trinidad, D. Jarchi, A. Rosales-Pérez, N. Gatzoulis, O. F. Reyes-
Galaviz, A. Torres-Garcia, C. A. Reyes-Garcia, Z. Ali, and F. Rivas, “A Generic
Deep Learning Based Cough Analysis System From Clinically Validated Samples
for Point-of-Need Covid-19 Test and Severity Levels,” IEEE Transactions on

Services Computing, 2022, vol. 15, no. 3, pp. 1220-1232.



References 195

[14]

[15]

[16]

[18]

[19]

[20]

B. McMahan, E. Moore, D. Ramage, S. Hampson, and B. A. y. Arcas,
“Communication-Efficient Learning of Deep Networks from Decentralized Data,”
in Proceedings of the 20th International Conference on Artificial Intelligence and
Statistics, ser. Proceedings of Machine Learning Research, A. Singh and J. Zhu,
Eds., vol. 54. PMLR, 20-22 Apr 2017, pp. 1273-1282. [Online]. Available:

https: //proceedings.mlr.press/v54/memahan7a.html

A. Pratap and S. K. Das, “Stable Matching Based Resource Allocation for Service
Provider’s Revenue Maximization in 5G Networks,” IEEFE Transactions on Mobile

Computing, 2022, vol. 21, no. 11, pp. 4094-4110.

Y.-S. Liang et al., “Resource allocation with interference avoidance in OFDMA
femtocell networks,” IEEE Transactions on Vehicular Technology, 2012, vol. 61,
no. H, pp. 2243-2255.

C. Chakraborty, B. Gupta, and S. K. Ghosh, “A review on telemedicine-based
wban framework for patient monitoring,” Telemedicine and e-Health, 2013,

vol. 19, no. 8, pp. 619-626.

C. He, G. Liu, S. Guo, and Y. Yang, “Privacy-Preserving and Low-Latency Fed-
erated Learning in Edge Computing,” IEEE Internet of Things Journal, 2022,
vol. 9, no. 20, pp. 20 149-20 159.

C. Dwork et al., “Calibrating noise to sensitivity in private data analysis,” in The-
ory of Cryptography, S. Halevi and T. Rabin, Eds. Berlin, Heidelberg: Springer
Berlin Heidelberg, 2006, pp. 265-284.

H. Kim et al., “Blockchained On-Device Federated Learning,” IEEE Communi-

cations Letters, 2020, vol. 24, no. 6, pp. 1279-1283.


https://proceedings.mlr.press/v54/mcmahan17a.html

196

References

[21]

[22]

23]

[26]

[27]

J. Pang, J. Yu, R. Zhou, and J. C. Lui, “An Incentive Auction for Heterogeneous
Client Selection in Federated Learning,” IEEE Transactions on Mobile Comput-

ing, 2022, pp. 1-17.

J. Liu, J. Jia, B. Ma, C. Zhou, J. Zhou, Y. Zhou, H. Dai, and D. Dou, “Multi-Job
Intelligent Scheduling With Cross-Device Federated Learning,” IEEFE Transac-

tions on Parallel and Distributed Systems, 2023, vol. 34, no. 2, pp. 535-551.

A. Salarian, H. Russmann, F. J. G. Vingerhoets, P. R. Burkhard, and K. Aminian,
“Ambulatory Monitoring of Physical Activities in Patients With Parkinson’s Dis-
ease,” IEEE Transactions on Biomedical Engineering, 2007, vol. 54, no. 12, pp.
2296-2299.

G. Cesarelli, L. Donisi, F. Amato, M. Romano, M. Cesarelli, G. D’Addio, A. M.
Ponsiglione, and C. Ricciardi, “Using Features Extracted From Upper Limb
Reaching Tasks to Detect Parkinson’s Disease by Means of Machine Learning

Models,” IEEFE Trans. Neural Syst. Rehabil. Eng., 2023, vol. 31, pp. 1056-1063.

7. Cheng, M. Liwang, X. Xia, M. Min, X. Wang, and X. Du, “Auction-Promoted
Trading for Multiple Federated Learning Services in UAV-Aided Networks,” IEEE

Transactions on Vehicular Technology, 2022, vol. 71, no. 10, pp. 10960-10 974.

J. Kang, Z. Xiong, D. Niyato, S. Xie, and J. Zhang, “Incentive Mechanism for
Reliable Federated Learning: A Joint Optimization Approach to Combining Rep-
utation and Contract Theory,” IEEE Internet of Things Journal, 2019, vol. 6,

no. 6, pp. 10700-10 714.

Y. Yu, D. Chen, X. Tang, T. Song, C. S. Hong, and Z. Han, “Incentive Framework
for Cross-Device Federated Learning and Analytics With Multiple Tasks Based
on a Multi-Leader-Follower Game,” IEEE Transactions on Network Science and

Engineering, 2022, vol. 9, no. 5, pp. 3749-3761.



References 197

28]

[29]

[30]

[31]

[32]

[34]

[35]

N. Zhao, Y. Pei, Y.-C. Liang, and D. Niyato, “Multi-Agent Deep Reinforcement
Learning Based Incentive Mechanism for Multi-Task Federated Edge Learning,”
IEEE Transactions on Vehicular Technology, 2023, vol. 72, no. 10, pp. 13530—
13 535.

M. B. Singh, H. Singh, and A. Pratap, “Energy-Efficient and Privacy-Preserving
Blockchain Based Federated Learning for Smart Healthcare System,” [IFEE

Transactions on Services Computing, 2023, pp. 1-12.

D. Gale and L. S. Shapley, “College admissions and the stability of marriage,”

The American Mathematical Monthly, 1962, vol. 69, no. 1, pp. 9-15.

D. Fragiadakis, A. Iwasaki, P. Troyan, S. Ueda, and M. Yokoo, “Strategyproof
Matching with Minimum Quotas,” ACM Trans. Econ. Comput., jan 2016, vol. 4,
no. 1. [Online]. Available: https://doi.org/10.1145/2841226

L. Feng, A. Ali, M. Igbal, A. K. Bashir, S. A. Hussain, and S. Pack, “Optimal hap-
tic communications over nanonetworks for E-health systems,” IEEE Transactions

on Industrial Informatics, 2019, vol. 15, no. 5, pp. 3016-3027.

L. Gu, D. Zeng, S. Guo, A. Barnawi, and Y. Xiang, “Cost Efficient Resource Man-
agement in Fog Computing Supported Medical Cyber-Physical System,” IFEFE

Transactions on Emerging Topics in Computing, 2017, vol. 5, no. 1, pp. 108-119.

H. K. Apat, K. Bhaisare, B. Sahoo, and P. Maiti, “Energy efficient resource man-
agement in fog computing supported medical cyber-physical system,” in 2020 In-
ternational conference on computer science, Engineering and Applications (ICC-

SEA). 1EEE, 2020, pp. 1-6.

Y. Qiu, H. Zhang, and K. Long, “Computation Offloading and Wireless Re-

source Management for Healthcare Monitoring in Fog-Computing-Based Internet


https://doi.org/10.1145/2841226

198

References

[36]

[38]

[39]

[40]

[42]

of Medical Things,” IEEE Internet of Things Journal, 2021, vol. 8, no. 21, pp.

15875-15883.

C. Yi and J. Cai, “Transmission management of delay-sensitive medical pack-
ets in beyond wireless body area networks: A queueing game approach,” IFEFE

Transactions on Mobile Computing, 2018, vol. 17, no. 9, pp. 2209-2222.

C. Yi, et al., “A Priority-Aware Truthful Mechanism for Supporting Multi-Class
Delay-Sensitive Medical Packet Transmissions in E-Health Networks,” IFEE

Transactions on Mobile Computing, 2017, vol. 16, no. 9, pp. 2422-2435.

S. Misra and S. Sarkar, “Priority-Based Time-Slot Allocation in Wireless Body
Area Networks During Medical Emergency Situations: An Evolutionary Game-
Theoretic Perspective,” IEEE Journal of Biomedical and Health Informatics,

2014, vol. 19, no. 2, pp. 541-548.

S. Misra, S. Moulik, and H.-C. Chao, “A Cooperative Bargaining Solution for
Priority-Based Data-Rate Tuning in a Wireless Body Area Network,” IEEE

Trans. Wireless Commun., 2015, vol. 14, no. 5, pp. 2769-2777.

S. Misra and S. Sarkar, “Priority-Based Time-Slot Allocation in Wireless Body
Area Networks During Medical Emergency Situations: An Evolutionary Game-
Theoretic Perspective,” IEEE Journal of Biomedical and Health Informatics,

2015, vol. 19, no. 2, pp. 541-548.

G. S. Aujla et al., “A Decoupled Blockchain Approach for Edge-Envisioned IoT-
Based Healthcare Monitoring,” IEEE Journal on Selected Areas in Communica-

tions, 2020, vol. 39, no. 2, pp. 491-499.

P. K. Bishoyi and S. Misra, “Enabling Green Mobile-Edge Computing for 5G-
Based Healthcare Applications,” IEEFE Transactions on Green Communications

and Networking, 2021, vol. 5, no. 3, pp. 1623-1631.



References 199

[43]

[44]

[47]

[50]

C. Wang et al., “Trustworthy Health Monitoring Based On Distributed Wearable
Electronics With Edge Intelligence,” IEEE Transactions on Consumer Electron-

ics, 2024, pp. 1-1.

N. Gharaei et al., “A Storage Optimization and Energy-Efficiency-Based Edge-
Enabled Companion-Side eHealth Monitoring System for IoT-Based Smart Hos-
pitals,” IEEE Internet of Things Journal, 2024, vol. 11, no. 2, pp. 3628-3638.

R. Yadav, W. Zhang, I. A. Elgendy, G. Dong, M. Shafiq, A. A. Laghari, and
S. Prakash, “Smart Healthcare: RL-Based Task Offloading Scheme for Edge-
Enable Sensor Networks,” IEEE Sensors Journal, 2021, vol. 21, no. 22, pp. 24 910—

24 918.

N. H. Tran, W. Bao, A. Zomaya, M. N. Nguyen, and C. S. Hong, “Federated
learning over wireless networks: Optimization model design and analysis,” in
IEEE INFOCOM 2019-1EEE conference on computer communications. TEEE,
2019, pp. 1387-1395.

S. Wang et al., “Adaptive Federated Learning in Resource Constrained Edge
Computing Systems,” IEEE Journal on Selected Areas in Communications, 2019,

vol. 37, no. 6, pp. 1205-1221.

M. B. Singh et al., “BPFISH: Blockchain and Privacy-preserving FL Inspired

Smart Healthcare,” arXiv preprint arXiv:2207.1165/, 2022.

M. S. Siraj et al., “Incentives to Learn: A Location-based Federated Learning
Model,” in 2022 Global Information Infrastructure and Networking Symposium
(GIIS), 2022, pp. 40-45.

Y. Liu et al., “Federated Learning in the Sky: Aerial-Ground Air Quality Sensing
Framework With UAV Swarms,” IEEE Internet of Things Journal, 2021, vol. 8,
no. 12, pp. 9827-9837.



200

References

[51]

[52]

[53]

[54]

[55]

[57]

M. Dai et al., “Joint Channel Allocation and Data Delivery for UAV-Assisted
Cooperative Transportation Communications in Post-Disaster Networks,” IFEFE

Transactions on Intelligent Transportation Systems, 2022, vol. 23, no. 9, pp.

16 676-16 689.

R. Duan, J. Wang, C. Jiang, H. Yao, Y. Ren, and Y. Qian, “Resource Allocation
for Multi-UAV Aided IoT NOMA Uplink Transmission Systems,” IEEFE Internet
of Things Journal, 2019, vol. 6, no. 4, pp. 7025-7037.

N. N. Ei, M. Alsenwi, Y. K. Tun, Z. Han, and C. S. Hong, “Energy-Efficient Re-
source Allocation in Multi-UAV-Assisted Two-Stage Edge Computing for Beyond
5G Networks,” IEEE Transactions on Intelligent Transportation Systems, 2022,

vol. 23, no. 9, pp. 1642116 432.

K.-J. Wu et al., “Coloring-Based Channel Allocation for Multiple Coexisting
Wireless Body Area Networks: A Game-Theoretic Approach,” IEEE Transac-

tions on Mobile Computing, 2022, vol. 21, no. 1, pp. 63-75.

Y. Chen, Y. Xiong, Q. Wang, X. Yin, and B. Li, “Ensuring Minimum Spectrum
Requirement in Matching-Based Spectrum Allocation,” IEEE Transactions on

Mobile Computing, 2018, vol. 17, no. 9, pp. 2028-2040.

Y. Chen et al., “Stable Matching for Spectrum Market with Guaranteed Minimum
Requirement,” in Proceedings of the 18th ACM international symposium on mobile

Ad hoc networking and computing, 2017, pp. 1-10.

K. Powell. NVIDIA clara federated learning to deliver Al to hospitals while
protecting patient data: Intelligent edge computing platform streamlines deep
learning for radiology. [Online]. Available: https://blogs.nvidia.com/blog/2019/

12/01/clara-federated-learning/


https://blogs.nvidia.com/blog/2019/12/01/clara-federated-learning/
https://blogs.nvidia.com/blog/2019/12/01/clara-federated-learning/

References 201

[58]

[59]

[62]

[63]

[64]

[65]

C. Singh, R. Mishra, H. P. Gupta, and G. Banga, “A Federated Learning-Based
Patient Monitoring System in Internet of Medical Things,” IEEE Trans. Compu-

tat. Social Syst., 2022, pp. 1-7.

J. Li, Y. Meng, L. Ma, S. Du, H. Zhu, Q. Pei, and X. Shen, “A Federated Learn-
ing Based Privacy-Preserving Smart Healthcare System,” IEEE Transactions on

Industrial Informatics, 2022, vol. 18, no. 3, pp. 2021-2031.

K. Wei, J. Li, M. Ding, C. Ma, H. H. Yang, F. Farokhi, S. Jin, T. Q. S. Quek,
and H. Vincent Poor, “Federated Learning With Differential Privacy: Algorithms
and Performance Analysis,” IEEE Transactions on Information Forensics and

Security, 2020, vol. 15, pp. 3454-3469.

Y. Chen, X. Qin, J. Wang, C. Yu, and W. Gao, “FedHealth: A Federated Transfer
Learning Framework for Wearable Healthcare,” IEEE Intelligent Systems, 2020,
vol. 35, no. 4, pp. 83-93.

Y. Lu et al., “Blockchain and Federated Learning for Privacy-Preserved Data
Sharing in Industrial IoT,” IEEE Transactions on Industrial Informatics, 2019,
vol. 16, no. 6, pp. 4177-4186.

K. Gai, Y. Wu, L. Zhu, Z. Zhang, and M. Qiu, “Differential Privacy-Based
Blockchain for Industrial Internet-of-Things,” IEEE Transactions on Industrial

Informatics, 2020, vol. 16, no. 6, pp. 4156-4165.

C. Feng et al., “Blockchain-Empowered Decentralized Horizontal Federated
Learning for 5G-Enabled UAVs,” IEEE Transactions on Industrial Informatics,
2022, vol. 18, no. 5, pp. 3582-3592.

S. Seng et al., “User Matching on Blockchain for Computation Offloading in
Ultra-Dense Wireless Networks,” IEEE Transactions on Network Science and

Engineering, 2021, vol. 8, no. 2, pp. 1167-1177.



202

References

[66]

[67]

[68]

[69]

[72]

73]

M. Kadadha et al., “Two-sided preferences task matching mechanisms for
blockchain-based crowdsourcing,” Journal of Network and Computer Applica-

tions, 2021, vol. 191, p. 103155.

R. Chen, M. Chen, and H. Yang, “Dynamic Physician-patient Matching in the
Healthcare System,” in 2020 42nd Annual International Conference of the IEEE

EMBC, 2020, pp. 5368-5871.

S. Luo et al., “HFEL: Joint Edge Association and Resource Allocation for Cost-
Efficient Hierarchical Federated Edge Learning,” IEEE Trans. Wireless Commun.,
2020, vol. 19, no. 10, pp. 6535-6548.

S. R. Pokhrel and J. Choi, “Federated Learning With Blockchain for Autonomous
Vehicles: Analysis and Design Challenges,” IEEE Trans. Commun., 2020, vol. 68,
no. 8, pp. 4734-4746.

Y. Jiao, P. Wang, D. Niyato, B. Lin, and D. I. Kim, “Toward an Automated Auc-
tion Framework for Wireless Federated Learning Services Market,” IEEE Trans-

actions on Mobile Computing, 2021, vol. 20, no. 10, pp. 3034-3048.

M. Wu et al., “Incentivizing Differentially Private Federated Learning: A Multi-
dimensional Contract Approach,” IEEE Internet of Things Journal, 2021, vol. 8,
no. 13, pp. 10639-10651.

L. Zhang, T. Zhu, P. Xiong, W. Zhou, and P. S. Yu, “A Robust Game-Theoretical
Federated Learning Framework With Joint Differential Privacy,” IEEE Transac-

tions on Knowledge and Data Engineering, 2023, vol. 35, no. 4, pp. 3333-3346.

Y. Xu, M. Xiao, H. Tan, A. Liu, G. Gao, and Z. Yan, “Incentive Mechanism for
Differentially Private Federated Learning in Industrial Internet of Things,” IEFEE

Transactions on Industrial Informatics, 2022, vol. 18, no. 10, pp. 6927-6939.



References 203

[74]

[76]

[79]

[80]

Y. Zhan, P. Li, Z. Qu, D. Zeng, and S. Guo, “A Learning-Based Incentive Mech-
anism for Federated Learning,” IEEE Internet of Things Journal, 2020, vol. 7,
no. 7, pp. 6360-6368.

K. Ren, G. Liao, Q. Ma, and X. Chen, “Differentially Private Auction Design for
Federated Learning with non-1ID Data,” IEEE Transactions on Services Com-

puting, 2023, pp. 1-12.

Y. Chen, H. Zhou, T. Li, J. Li, and H. Zhou, “Multifactor Incentive Mechanism
for Federated Learning in IoT: A Stackelberg Game Approach,” IEEE Internet
of Things Journal, 2023, vol. 10, no. 24, pp. 21 595-21 606.

L. Li, X. Yu, X. Cai, X. He, and Y. Liu, “Contract-Theory-Based Incentive
Mechanism for Federated Learning in Health CrowdSensing,” IFEE Internet of
Things Journal, 2023, vol. 10, no. 5, pp. 4475—-4489.

W. Y. B. Lim, S. Garg, Z. Xiong, D. Niyato, C. Leung, C. Miao, and M. Guizani,
“Dynamic Contract Design for Federated Learning in Smart Healthcare Applica-

tions,” IEEE Internet of Things Journal, 2021, vol. 8, no. 23, pp. 16 853—16 862.

D. Chen, C. S. Hong, L. Wang, Y. Zha, Y. Zhang, X. Liu, and Z. Han, “Matching-
Theory-Based Low-Latency Scheme for Multitask Federated Learning in MEC
Networks,” IEEE Internet of Things Journal, 2021, vol. 8, no. 14, pp. 11415—
11 426.

S. Fu, F. Dong, D. Shen, J. Zhang, Z. Huang, and Q. He, “Joint Optimization of
Device Selection and Resource Allocation for Multiple Federations in Federated
Edge Learning,” IEEE Transactions on Services Computing, 2024, vol. 17, no. 1,

pp. 251-262.



204

References

[81]

[85]

[36]

[87]

[88]

[89]

X. Wei, K. Ye, X. Shi, C.-Z. Xu, and Y. Wang, “Joint Participant and Learning
Topology Selection for Federated Learning in Edge Clouds,” IEEE Transactions

on Parallel and Distributed Systems, 2024, vol. 35, no. 8, pp. 1456-1468.

M. N. H. Nguyen, N. H. Tran, Y. K. Tun, Z. Han, and C. S. Hong, “Toward Mul-
tiple Federated Learning Services Resource Sharing in Mobile Edge Networks,”

IEEE Transactions on Mobile Computing, 2023, vol. 22, no. 1, pp. 541-555.

J. Xu, H. Wang, and L. Chen, “Bandwidth allocation for multiple federated
learning services in wireless edge networks,” IFEE Trans. Wireless Commun.,

2022, vol. 21, no. 4, pp. 2534-2546.

F. Wu, C. Qiu, T. Wu, and M. R. Yuce, “Edge-Based Hybrid System Implemen-
tation for Long-Range Safety and Healthcare IoT Applications,” IEEE Internet
of Things Journal, 2021, vol. 8, no. 12, pp. 9970-9980.

R. M Abd El-Aziz et al., “An Effective Data Science Technique for ToT-Assisted
Healthcare Monitoring System with a Rapid Adoption of Cloud Computing,”

Comput. Intell. Neurosci., 2022, vol. 2022.

P. Deshingkar, Migration, remote rural areas and chronic poverty in India. ODI,

2010.

A. A. Mutlag et al., “Enabling technologies for fog computing in healthcare IoT

systems,” Future Gener. Comput. Syst., 2019, vol. 90, pp. 62-78.

M. Shu, D. Yuan, C. Zhang, Y. Wang, and C. Chen, “A MAC protocol for medical
monitoring applications of wireless body area networks,” Sensors, 2015, vol. 15,

no. 6, pp. 12906-12931.

J. J. Kang et al., “Inference system of body sensors for health and internet of
things networks,” in Proceedings of the 14th International Conference on Advances

i MoMM, 2016, pp. 94-98.



References 205

[90]

[92]

[93]

[94]

[95]

H. Medicine, “Vital Signs (Body Temperature, Pulse
Rate, Respiration Rate, Blood Pressure),” https://
www.hopkinsmedicine.org/health /conditions-and-diseases/

vital-signs-body-temperature-pulse-rate-respiration-rate-blood-pressure?, 2025.

P. K. Bishoyi and S. Misra, “Enabling Collaborative Data Uploading in Body-
to-Body Networks,” IEEE Communications Letters, 2021, vol. 25, no. 2, pp.

038-541.

S. Patro and K. K. Sahu, “Normalization: A preprocessing stage,” arXiv preprint

arXiw:1503.06462, 2015.

B. Di et al., “Sub-channel assignment, power allocation, and user scheduling for
non-orthogonal multiple access networks,” IEEE Trans. Wireless Commun., 2016,

vol. 15, no. 11, pp. 7686-7698.

A. Pratap, R. Gupta, V. S. Siddhardh Nadendla, and S. K. Das, “On Maxi-
mizing Task Throughput in IoT-Enabled 5G Networks Under Latency and Band-

width Constraints,” in 2019 IEEFE International Conference on Smart Computing
(SMARTCOMP), 2019, pp. 217-224.

A. Pratap, R. Gupta, V. S. S. Nadendla, and S. K. Das, “Bandwidth-constrained
task throughput maximization in IoT-enabled 5G networks,” Pervasive and Mo-

bile Computing, 2020, vol. 69, p. 101281.

T. Tanwar, U. D. Kumar, and N. Mustafee, “Optimal package pricing in health-

care services,” Jour. Oper. Res. Soc., 2020, vol. 71, no. 11, pp. 1860-1872.

S. Rajagopalan and C. Tong, “Payment models to coordinate healthcare
providers: Extension to risk-averse providers,” Oper. Res. Lett., 2021, vol. 49,
no. 3, pp. 326-332. [Online]. Available: https://www.sciencedirect.com /science/
article/pii/S0167637721000444


https://www.hopkinsmedicine.org/health/conditions-and-diseases/vital-signs-body-temperature-pulse-rate-respiration-rate-blood-pressure?
https://www.hopkinsmedicine.org/health/conditions-and-diseases/vital-signs-body-temperature-pulse-rate-respiration-rate-blood-pressure?
https://www.hopkinsmedicine.org/health/conditions-and-diseases/vital-signs-body-temperature-pulse-rate-respiration-rate-blood-pressure?
https://www.sciencedirect.com/science/article/pii/S0167637721000444
https://www.sciencedirect.com/science/article/pii/S0167637721000444

206

References

98]

[100]

[101]

[102]

103]

[104]

[105)

[106]

107]

H. R. Lewis, “Computers and intractability. A guide to the theory of NP-

completeness,” 1983.

7. Brakerski, C. Gentry, and V. Vaikuntanathan, “Fully Homomorphic Encryp-
tion without Bootstrapping,” Cryptology ePrint Archive, Report 2011/277, 2011,
https://ia.cr/2011/277.

S. Halevi and V. Shoup, “Algorithms in helib,” in Annual Cryptology Conference.
Springer, 2014, pp. 554-571.

Charles Patrick Davis, “Safe, Normal, Low Blood Oxygen Levels: Pulse Oxime-
ter Chart,” https://www.onhealth.com/content/1/normal low_blood oxygen

pulse oximeter levels, 2022.

S. Halevi, “HElib: An Implementation of homomorphic encryption,” https://
github.com/shaih/HElib, accessed: 2022.

Gurobi Optimization, LLC, “Gurobi Optimizer Reference Manual,” https: //www.

ourobi.com, 2022.

IIT (BHU), “Param Shivay Supercomputing Center, IIT (BHU), Varanasi,” https:

//www iitbhu.ac.in/cf/scc, 2022.

N. Wang, E. Hossain, and V. K. Bhargava, “Backhauling 5G small cells: A radio
resource management perspective,” IEEE Wireless Commun., 2015, vol. 22, no. 5,

pp- 41-49.

D. Dua and C. Graff, “UCI machine learning repository,” http://archive.ics.uci.
edu/ml, 2017.

H. Yan, M. Bilal, X. Xu, and S. Vimal, “Edge Server Deployment for Health

Monitoring With Reinforcement Learning in Internet of Medical Things,” IFEE


https://ia.cr/2011/277
https://www.onhealth.com/content/1/normal_low_blood_oxygen_pulse_oximeter_levels
https://www.onhealth.com/content/1/normal_low_blood_oxygen_pulse_oximeter_levels
https://github.com/shaih/HElib
https://github.com/shaih/HElib
https://www.gurobi.com
https://www.gurobi.com
https://www.iitbhu.ac.in/cf/scc
https://www.iitbhu.ac.in/cf/scc
http://archive.ics.uci.edu/ml
http://archive.ics.uci.edu/ml

References 207

[108]

[109]

[110]

[111]

[112]

113]

[114]

[115]

Transactions on Computational Social Systems, 2024, vol. 11, no. 3, pp. 3079—
3089.

A. Samanta and Y. Li, “Distributed Pricing Policy for Cloud-Assisted Body-to-
Body Networks with Optimal QoS and Energy Considerations,” IEEE Transac-

tions on Services Computing, 2021, vol. 14, no. 3, pp. 668-682.

C. Swain et al., “METO: Matching-Theory-Based Efficient Task Offloading in
IoT-Fog Interconnection Networks,” IEEE Internet of Things Journal, 2021,
vol. 8, no. 16, pp. 1270512 715.

A. Astrin, “IEEE Standard for Local and metropolitan area networks - Part 15.6:

Wireless Body Area Networks,” IEEE Std 802.15.6-2012, 2012, pp. 1-271.

Y. Yu, J. Zhang, and K. B. Letaief, “Joint Subcarrier and CPU Time Allocation
for Mobile Edge Computing,” in 2016 IEEE Global Communications Conference
(GLOBECOM), 2016, pp. 1-6.

7. Yang, M. Chen, W. Saad, C. S. Hong, and M. Shikh-Bahaei, “Energy Effi-
cient Federated Learning Over Wireless Communication Networks,” IEEE Trans.

Wireless Commun., 2021, vol. 20, no. 3, pp. 1935-1949.

L. Chen, J. Wu, J. Zhang, H.-N. Dai, X. Long, and M. Yao, “Dependency-Aware
Computation Offloading for Mobile Edge Computing With Edge-Cloud Cooper-
ation,” IEEFE Transactions on Cloud Computing, 2022, vol. 10, no. 4, pp. 2451—
2468.

X. Chen, J. Cao, Y. Sahni, S. Jiang, and Z. Liang, “Dynamic Task Offloading in
Edge Computing Based on Dependency-Aware Reinforcement Learning,” IFEE

Transactions on Cloud Computing, 2024, vol. 12, no. 2, pp. 594-608.

M. Shu, D. Yuan, C. Zhang, Y. Wang, and C. Chen, “A MAC Protocol

for Medical Monitoring Applications of Wireless Body Area Networks,”



208

References

[116]

[117]

18]

[119]

[120]

[121]

[122]

[123]

Sensors, 2015, wvol. 15, mno. 6, pp. 12906-12931. [Online]. Available:
https://www.mdpi.com/1424-8220/15/6/12906

T. SimPy, “Discrete event simulation for Python,” https://simpy.readthedocs.io/
en/latest/, 2023.

H. Zhang et al., “Federated learning assisted multi-uav networks,” IEEE Trans-

actions on Vehicular Technology, 2020, vol. 69, no. 11, pp. 14 104-14 109.

A. Pratap, R. Gupta, V. S. S. Nadendla, and S. K. Das, “Bandwidth-
constrained task throughput maximization in iot-enabled 5G networks,”
Pervasive and Mobile Com., 2020, vol. 69, p. 101281. [Online]. Available:

http://www.sciencedirect.com /science/article /pii/S157411922030122X

M. T. Arefin, M. H. Ali, and A. F. Haque, “Wireless Body Area Network: An
Overview and Various Applications,” Journal of Computer and Communications,

2017, vol. 5, no. 7, pp. H3—64.

Y. Lu, S. Maharjan, and Y. Zhang, “Adaptive Edge Association for Wireless
Digital Twin Networks in 6G,” IEEE Internet of Things Journal, 2021, vol. 8,
no. 22, pp. 16 219-16 230.

A. Hatoum et al., “Cluster-based resource management in OFDMA femtocell
networks with QoS guarantees,” IEEFE Transactions on Vehicular Technology,

2013, vol. 63, no. 5, pp. 2378-2391.

C. Li, M. Dong, J. Li, G. Xu, X. Chen, and K. Ota, “Healthchain: Secure EMRs
Management and Trading in Distributed Healthcare Service System,” IEEE In-

ternet of Things Journal, 2021, vol. 8, no. 9, pp. 7192-7202.

N. Zhao, Z. Ye, Y. Pei, Y .-C. Liang, and D. Niyato, “Multi-Agent Deep Reinforce-
ment Learning for Task Offloading in UAV-Assisted Mobile Edge Computing,”
IEEE Trans. Wireless Commun., 2022, vol. 21, no. 9, pp. 6949-6960.


https://www.mdpi.com/1424-8220/15/6/12906
https://simpy.readthedocs.io/en/latest/
https://simpy.readthedocs.io/en/latest/
http://www.sciencedirect.com/science/article/pii/S157411922030122X

References 209

[124]

[125]

[126]

[127)

[128]

[129]

[130]

[131]

Y. Zeng, J. Xu, and R. Zhang, “Energy Minimization for Wireless Communication
With Rotary-Wing UAV,” IEEE Trans. Wireless Commun., 2019, vol. 18, no. 4,
pp- 2329-2345.

S. Li et al., “Energy-Efficient Resource Allocation for Industrial Cyber-Physical
[oT Systems in 5G FEra,” IEEFE Transactions on Industrial Informatics, 2018,

vol. 14, no. 6, pp. 2618-2628.

X. Zhang et al., “FedSky: An Efficient and Privacy-Preserving Scheme for Feder-
ated Mobile Crowdsensing,” IEEFE Internet of Things Journal, 2022, vol. 9, no. 7,

pp. 5344-5356.

H. R. Lewis, “Michael R. IIGarey and David S. Johnson. Computers and in-
tractability. A guide to the theory of NP-completeness. WH Freeman and Com-
pany, San Franciscol979, x+ 338 pp.” The Journal of Symbolic Logic, 1983,
vol. 48, no. 2, pp. 498-500.

Y. Li, A. Zhou, X. Ma, and S. Wang, “Profit-Aware Edge Server Placement,”
IEEE Internet of Things Journal, 2022, vol. 9, no. 1, pp. 55-67.

Shanghai Telecom, Shanghai, China. The distribution of 3233 base stations,

2019. [Online|. Available: http://www.sguangwang.com/dataset /telecom.zip

X. Li et al, “A Near-Optimal UAV-Aided Radio Coverage Strategy for Dense
Urban Areas,” IEEE Transactions on Vehicular Technology, 2019, vol. 68, no. 9,

pp. 9098-9109.

A. Pratap, R. Misra, and S. K. Das, “Maximizing Fairness for Resource Allocation
in Heterogeneous 5G Networks,” IEEFE Transactions on Mobile Computing, 2021,
vol. 20, no. 2, pp. 603—-619.


http://www.sguangwang.com/dataset/ telecom.zip

210

References

[132]

[133)]

[134]

[135]

[136]

[137]

138

[139)]

M. Kim, W. Saad, M. Mozaffari, and M. Debbah, “On the Tradeoff between
Energy, Precision, and Accuracy in Federated Quantized Neural Networks,” in

[EEE ICC, 2022, pp. 2194-2199.

M. Abadi, A. Chu, I. Goodfellow, H. B. McMahan, I. Mironov, K. Talwar, and
L. Zhang, “Deep Learning with Differential Privacy,” Proceedings of the 2016

ACM SIGSAC Conference on Computer and Communications Security, Oct 2016.

P. Paillier, “Public-Key Cryptosystems Based on Composite Degree Residuosity
Classes,” in Advances in Cryptology — EUROCRYPT 99, J. Stern, Ed. Berlin,
Heidelberg: Springer Berlin Heidelberg, 1999, pp. 223-238.

A. Sergeenkov, “Proof-of-Stake (PoS) vs Delegated Proof-of-Stake (dPoS),”
2024, accessed 23 January 2025. [Online]. Available: https://coinmarketcap.

com /academy /article/proof-of-stake-pos-vs-delegated-proof-of-stake-dpos

OxIchigo, “Proof of History, Proof of Stake, Proof of Work - Explained,” 2024,
accessed 23 January 2025. [Online]. Available: https://www.helius.dev/blog/

proof-of-history-proof-of-stake-proof-of-work-explained

L. T. Phong, Y. Aono, T. Hayashi, L. Wang, and S. Moriai, “Privacy-Preserving
Deep Learning via Additively Homomorphic Encryption,” IEEE Transactions on

Information Forensics and Security, 2018, vol. 13, no. 5, pp. 1333-1345.

B. Jia et al., “Blockchain-enabled Federated Learning Data Protection Aggrega-
tion Scheme with Differential Privacy and Homomorphic Encryption in IIoT,”

IEEE Transactions on Industrial Informatics, 2021.

P. K. Bishoyi and S. Misra, “Towards Energy-And Cost-Efficient Sustainable
MEC-Assisted Healthcare Systems,” IEEE Trans. Sustain. Comput., 2022, vol. 7,

no. 4, pp. 958-969.


https://coinmarketcap.com/academy/article/proof-of-stake-pos-vs-delegated-proof-of-stake-dpos
https://coinmarketcap.com/academy/article/proof-of-stake-pos-vs-delegated-proof-of-stake-dpos
https://www.helius.dev/blog/proof-of-history-proof-of-stake-proof-of-work-explained
https://www.helius.dev/blog/proof-of-history-proof-of-stake-proof-of-work-explained

References 211

[140]

141]

[142]

[143]

[144]

[145]

[146]

[147]

J. Kang, Z. Xiong, D. Niyato, S. Xie, and J. Zhang, “Incentive Mechanism for
Reliable Federated Learning: A Joint Optimization Approach to Combining Rep-
utation and Contract Theory,” IEEE Internet of Things Journal, 2019, vol. 6,
no. 6, pp. 1070010 714.

W. Y. B. Lim et al., “Towards Federated Learning in UAV-Enabled Internet of
Vehicles: A Multi-Dimensional Contract-Matching Approach,” IEEE Transac-

tions on Intelligent Transportation Systems, 2021, vol. 22, no. 8, pp. 5140-5154.

N. Rieke, J. Hancox, and F. Milletari et al., “The future of digital health with

federated learning,” npj Digital Medicine, 12 2020, vol. 3.

J. Shao, Y. Xu, J. Liu, H. Takakura, Z. Li, and X. Dong, “On Strategic Inter-
actions in Blockchain Markets: A Three-stage Stackelberg Game Approach,” in
2021 IEEE GLOBECOM, 2021, pp. 1-6.

A. Caprara et al., “The Multiple Subset Sum Problem,” SIAM Journal
on Optimization, 2000, vol. 11, no. 2, pp. 308-319. [Online]. Available:
https://doi.org/10.1137/S1052623498348481

W. Wu, M. Li, K. Qu, C. Zhou, X. Shen, W. Zhuang, X. Li, and W. Shi, “Split
Learning Over Wireless Networks: Parallel Design and Resource Management,”
IEEE Journal on Selected Areas in Communications, 2023, vol. 41, no. 4, pp.
1051-1066.

A. Reisizadeh et al., “Fedpaq: A communication-efficient federated learning

Y

method with periodic averaging and quantization,” in International Conference

on Artificial Intelligence and Statistics. PMLR, 2020, pp. 2021-2031.

A. Singh, P. Vepakomma, O. Gupta, and R. Raskar, “Detailed comparison of
communication efficiency of split learning and federated learning,” arXiv preprint

arXiv:1909.09145, 2019.


https://doi.org/10.1137/S1052623498348481

212

References

[148]

[149]

[150]

[151]

[152]

[153]

Y. Gao et al., “End-to-End Evaluation of Federated Learning and Split Learning
for Internet of Things,” in 2020 International Symposium on Reliable Distributed
Systems (SRDS), 2020, pp. 91-100.

A. Winterlich, I. Stevenson, A. Waldren, and T. Dawson, “Diabetes Digital
Coach: Developing an Infrastructure for e-Health Self-Management Tools,” in

2016 9th International Conference on Developments in eSystems FEngineering

(DeSE), 2016, pp. 68-73.

B. McMahan, E. Moore, D. Ramage, S. Hampson, and B. A. y. Arcas,
“Communication-Efficient Learning of Deep Networks from Decentralized Data,”
in Proceedings of the 20th International Conference on Artificial Intelligence and
Statistics, ser. Proceedings of Machine Learning Research, A. Singh and J. Zhu,
Eds., vol. 54. PMLR, 20-22 Apr 2017, pp. 1273-1282. [Online]. Available:

https://proceedings.mlr.press/v54/memahan]7a.html

J. Kang, R. Yu, X. Huang, M. Wu, S. Maharjan, S. Xie, and Y. Zhang,
“Blockchain for Secure and Efficient Data Sharing in Vehicular Edge Comput-
ing and Networks,” IEEFE Internet of Things Journal, 2019, vol. 6, no. 3, pp.
4660-4670.

S. Dai, M. Li Wang, Z. Gao, L. Huang, X. Du, and M. Guizani, “An Adap-
tive Computation Offloading Mechanism for Mobile Health Applications,” IEEE

Transactions on Vehicular Technology, 2020, vol. 69, no. 1, pp. 998-1007.

T. H. Thi Le, N. H. Tran, Y. K. Tun, M. N. H. Nguyen, S. R. Pandey, Z. Han,
and C. S. Hong, “An Incentive Mechanism for Federated Learning in Wireless
Cellular Networks: An Auction Approach,” IEEE Trans. Wireless Commun.,

2021, vol. 20, no. 8, pp. 4874—-4887.


https://proceedings.mlr.press/v54/mcmahan17a.html

References 213

[154] Y. Chen, X. Sun, and Y. Jin, “Communication-Efficient Federated Deep Learning
With Layerwise Asynchronous Model Update and Temporally Weighted Aggre-
gation,” IEEE Transactions on Neural Networks and Learning Systems, 2020,
vol. 31, no. 10, pp. 4229-4238.

[155] P. Tam, S. Math, and S. Kim, “Optimized Multi-Service Tasks Offloading for Fed-
erated Learning in Edge Virtualization,” IEEE Transactions on Network Science

and Engineering, 2022, vol. 9, no. 6, pp. 4363-4378.

[156] J. Reyes-Ortiz et al., “Human Activity Recognition Using Smartphones,” UCI
Machine Learning Repository, 2012, DOI: https://doi.org/10.24432/C5454K.

[157] G. Moody and R. Mark, “The impact of the MIT-BIH Arrhythmia Database,”
IEEE Engineering in Medicine and Biology Magazine, 2001, vol. 20, no. 3, pp.
45-50.



LIST OF PUBLICATIONS

Journal Papers (Related to Thesis)

1. Moirangthem Biken Singh, Navneet Taunk, Naveen Kumar Mall, and Ajay
Pratap, “Criticality and Utility-aware Fog Computing System for Remote Health

"in IEEE Transactions on Services Computing, vol. 16, no. 3, pp.

Monitoring,’
1738-1749, 1 May-June 2023. (IF: 5.5, Published)

2. Moirangthem Biken Singh, Himanshu Singh, and Ajay Pratap, “Stable Match-
ing Based Revenue Maximization for Federated Learning in UAV-Assisted WBANS,”
in IEEE Transactions on Services Computing, vol. 17, no. 4, pp. 1835-1846, July-
Aug. 2024. (IF: 5.5, Published)

3. Moirangthem Biken Singh, Himanshu Singh, and Ajay Pratap, “Energy-
Efficient and Privacy-Preserving Blockchain Based Federated Learning for Smart
Healthcare System,” in IEEE Transactions on Services Computing, vol. 17, no.

5, pp. 2392-2403, Sept.-Oct. 2024. (IF: 5.5, Published)

4. Moirangthem Biken Singh, Mihir Kumar Badkur, Dhruv Mishra, and Ajay
Pratap, “Matching and Exchange-based Utility Maximization for Fog Computing-
enabled Smart Healthcare,” in IEEE Transactions on Cloud Computing, 2024.
(Under Review)

5. Moirangthem Biken Singh and Ajay Pratap, “Auction-Driven Utility Maxi-
mization for Multiple FL. Systems in WBAN-based Smart Healthcare,” in IEEE

Transactions on Sustainable Computing, 2024. (Under Review)

Journal Papers (Not Related to Thesis)

1. Saurabh Kumar Mishra, Moirangthem Biken Singh, Deewanshu Sharma, and
Ajay Pratap, “Efficient Resource Allocation using Whale Optimization for Cell-
free Massive MIMO Networks in 6G HetNet”, Physical Communication, Elsevier,



List of Publications 215

vol. 66, Oct. 2024, https://doi.org/10.1016/j.phycom.2024.102467. (IF: 2.0,
Published)

Conference/Workshop Papers

1. Moirangthem Biken Singh, Suraj Mahawa, Himanshu Singh, Shilpi Kumari,
and Ajay Pratap, “Blockchain and Fog Access Point Integrated Healthcare Sys-
tem for Contact Tracing and Infection Probability Evaluation”, 2024 25th In-
ternational Conference on Distributed Computing and Networking (ICDCN ’24),
IIT Madras, India, pp. 340-345. https://doi.org/10.1145/3631461.3632090.

2. Moirangthem Biken Singh, Himanshu Singh, and Ajay Pratap, “Criticality-
Driven Scheduling for UAV-Assisted Remote Health Monitoring System”, 2023
17th IEEE International Conference on Advanced Networks and Telecommunica-
tions Systems (ANTS), Jaipur, India, pp. 159-164, doi: 10.1109/ANTS59832.2023.
10469426.

3. Moirangthem Biken Singh, Suraj Mahawar, Himanshu Singh, and Ajay Pratap,
“COVID-19 Spread Detection and Controlling with Fog-based Infection Prob-
ability Evaluation Model”, 2023 24th International Conference on Distributed
Computing and Networking (ICDCN ’23), IIT Kharagpu, India, pp. 354-359.
https://doi.org/10.1145/3571306.3571435.

Patents

1. Ajay Pratap, Moirangthem Biken Singh, and Himanshu Singh, “A Wireless
Body Area Network Enabled Fog Computing System for Remote Health Moni-
toring”, Indian Patent, January 06, 2025. (Granted - Patent No.: 557449)

2. Ajay Pratap, Moirangthem Biken Singh, and Himanshu Singh, “A System
and Method for Remote Health Monitoring based on Fog Computing Network”,
Indian Patent (202511004523), January 20, 2025. (Filed)



	List of Publications

